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ABSTRACT: In order to simulate the radar fuze echo signal more accurately, the interpolation
and echo simulation were explored by taking the digital elevation model (DEM) of Miyun Dis-
trict in Beijing as the terrain research data. Accordingly, an interpolation method using general-
ized regression neural network ( GRNN) was proposed. Furthermore, with the consideration of
the effect of terrain undulation on radar fuze echo obstruction, radar fuze echo maps of the inter-
polated DEM simulated terrain were obtained respectively by the traditional interpolation algo—
rithm and the GRNN interpolation algorithm. Through the analysis of the interpolation accuracy
and echo, the performance of the proposed method was explored. Results showed that in the area
where the terrain type is mainly plains and hills, the bilinear interpolation algorithm and the
GRNN algorithm can depict the details of the terrain and simulate the distribution of the echo
more accurately.
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