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ABSTRACT: To address the issue of high uncertainty in battlefield situations in intelligent mili-
tary decision—making, and enhance the realtime and scientific nature of immediate decision—-mak-—
ing, a military chess decision-making method that integrates LLLMs (Large Language Models)
with prior knowledge was proposed. By constructing a situation transformation module, the map-
ping and transformation of situation data of the military chess platform from dictionary format to
structured natural language description was achieved, covering key battlefield information, such as

combat scenarios, deployment of both red and blue sides, and firepower coordination. On this ba-

KA. 2024-11-29
E—EH: LW 2001—), B, WERA, FEAREFGEREHIT, E-mail: 2981206623@qq.com

SIRER: B0, B85, R, 5T ROANEF UL S S Ry S B Oy iR [T). O TR R A R, 2025, 39 (2):
79-88. WANG Ming, XIAN Yong, PAN Chenhui, et al. Decision —making method for wargaming based on large language models
and prior knowledge [J]. Journal of Rocket Force University of Engineering, 2025, 39 (2): 79-88.



80 KA T AR AR

5% 39 B 2

sis, prior expert knowledge, such as tactical principles and combat experience, was integrated to

semantically enhance situational information. The expanded situation description was input as

prompt words into a large language model, and the model’ s contextual understanding and reasoning

abilities were utilized to make decisions from a set of preset tactical actions. Multiple rounds of

adversarial simulations were conducted using the “Temple Calculation- Human Machine Confronta—

tion Platform” as an experimental scenario, which was a typical army composite battalion. The re-

sults indicate that compared with traditional rule-based and deep reinforcement learning decision

models, the proposed method has significant advantages in terms of decision flexibility and deploy—

ment efficiency. The proposed model can be efficiently operated without relying on large training

and inference resources, thereby achieving an organic combination of realtime semantic parsing

and dynamic policy adjustment. It is verified that the decision—making method combining LLMs

with prior knowledge can effectively improve the intelligence level of military chess decisionmaking.
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Schematic diagram of a large language model-based framework for situational awareness and reasoned decision-

making
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