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Table 5 Manual evaluation results based on different

models and architectures
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Table 6 Comparative experimental results based on

large-model-assisted evaluation
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Table 7 Manual evaluation results of ablation

experiments based on Qwen 3-8b
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Table 8 Comprehensive average ranking scores of

ablation experiments based on Qwen 3-8b
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Faithfulness-Enhanced Retrieval-Augmented Generation Method

for National Defense Policies

LUO Yun, XU Jiajun, PENG Mingyang, ZHU Jingdan
(College of International Studies, National University of Defense Technology, Nanjing 210039, China)

ABSTRACT: To address the issues of semantic deviation, context information loss, and knowledge secu-

rity risks encountered when dealing with high—authority structured texts, such as defense white papers, a

structure—aware and verification—-enhanced retrieval-augmented generation (SV-RAG) was proposed based

on the standard RAG. First, in the knowledge base construction stage, a “structured chunking” approach
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was adopted to retain and utilize the original hierarchical structure metadata of the document while seg-
menting the text. Second, a dual-track hybrid retrieval mechanism was designed for the knowledge retriev—-
al stage. For the authoritative knowledge base,a query—aware adaptive weighted reranking algorithm incor-
porating text similarity and metadata matching was introduced to accurately capture the context meaning.
For external retrieval information, a “dual-stream cross—checking” process was implemented to verify and
integrate external information based on authoritative knowledge. Finally, for the question—answer genera-
tion stage, an “original text citation and precise response” generation paradigm was designed to ensure the
fidelity of the answers, using prompt engineering to force the model to cite the original core text before
elaborating. To verify the effectiveness of this method, a Chinese defense security knowledge dataset con-
taining 494 high—quality question-answer pairs was constructed. The comprehensive experimental results
on this dataset show significant performance improvements of the proposed SV-RAG architecture in core
indicators, such as fidelity and context accuracy, with improvements of 28.0% and 28.2%, respectively,
compared with the conventional RAG baseline.

KEYWORDS: large language model; factual fidelity; knowledge retrieval; authoritative text

(%4t Fi850)



