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ABSTRACT: As artificial intelligence technology transitions from single-modal discriminative paradigms to
multi-modal generative paradigms, the generative understanding unified model (GUUM) has emerged as a
novel technical architecture that reshapes the underlying logic of modern military power. First, this study
systematically analyzed the construction mechanisms of GUUM, revealing that its general capabilities
stemmed from the unified modeling and analysis of multi-modal data. It further examined the distinctions in
its application at the perception level. Finally, the review focused on interactions within the physical do-
main, analyzing how generative planning and diffusion policy—based embodied intelligence transformed the
physical battlefield. At the application level, the review incorporated specific case studies to provide an in-
depth exploration of GUUM efficacy in the automated course of action generation and wargames, the evo-
lution of intelligence fusion utilizing GUUM, diffusion model enhancement techniques for synthetic aperture
radar images, and the tactical value of GUUM in cognitive and electronic warfare spectrum generation.
Drawing on the latest research on adversarial attacks, this review exposed the vulnerabilities of unified
models when facing physical perturbations, data poisoning, and model hallucinations. This study aimed to
provide a comprehensive assessment for military decision—makers and defense researchers, demonstrating
how GUUM served as a key enabling technology for advancing novel operational concepts from scenarios
to reality and facilitating all-domain command and control while offering defensive recommendations to ad-
dress security risks.
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